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The diagnosis value of CT radiomics on
thyroid adenoma and papillary carcinoma
Du Dandan Li Xiaohu Liu Bin et al
( Dept of Radiology The First Affiliated Hospital of Anhui Medical University Hefei 230022)

Abstract  Objective
thyroid nodules. Methods

ry carcinomas that were confirmed by pathology. A. K. ( Artificial intelligent Kit) software was treated on CT unen—

To explore the diagnostic value of radiomics on the adenoma and papillary carcinoma in

Retrospectively analysed 110 cases of thyroid adenoma and 159 cases of thyroid papilla—

hanced scan of thyroid nodules in order for segmenting images extracting features establishing models and analy—
zing the results and finally 541 ROI ( region of interest) were drawn and 396 high flux texture features were ob—
the rundength matrix and total six

tained through the histogram parameters the gray-scale co-occurrence matrix

kinds of methods

model were combined that is Support vector machine Logistic regression model and Bayes respectively then 70%

accordingly 179 feature numbers were gained by decreasing feature dimension 3 kinds of data

cases were randomly selected as the training group and 30% cases were the verification group to obtain the diagno—
sis accuracy specificity and sensitivity under different models on these two types of thyroid nodules and to compare
Support vector machine model of

95.5% and 82. 7% sen—

sitivity. Whereas under routine ultrasonic examination had only 77. 3% accuracy 73.8% specificity and 79. 5%

with the relevant results under traditional CT scan and ultrasonography. Results
training set had 100% accuracy specificity and sensitivity but the test set were 91. 4%
sensitivity the accuracy under CT scan was 71. 7% the specificity was 61. 5% and the sensitivity was 84.3%.
Conclusion It has a good value in the diagnosis of thyroid adenoma and papillary carcinoma by the combination of
CT imaging group and Support vector machine model which is superior to traditional ultrasonography and CT scan.
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