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K2 CT FHBBAZFARRILRISHER
WA Oy ERRE R BURIE AUC(95% ERX[H])

Forest  YIIZ& 0.993  0.979  1.000 0.999(0.998 ~1.000)
X 0.879  0.810  0.911 0.884(0.834 ~0.935)
SVM Yk 0.960 0.917 0.981 0.989(0.978 ~1.000)
M 0.879  0.714  0.956 0.931(0.880 ~0.982)
KNN % 0.901 0.792  0.951 0.973(0.947 ~0.999)
MK 0.909  0.714  1.000 0.926(0.871 ~0.981)
Tree I 0.954  0.854  1.000 0.994(0.988 ~1.000)
MK 0.758  0.619  0.822 0.731(0.608 ~0.854)
Bayes %% 0.927 0.875 0.951 0.972(0.951 ~0.993)
MK 0.818  0.667  0.889 0.885(0.825 ~0.945)
Logistic  JIIZ% 0.960  0.917  0.981 0.996(0.992 ~1.000)
ik 0.803  0.762  0.822 0.877(0.825 ~0.929)
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i 0.724  0.800 0.643 0.862(0.811 ~0.913)
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The value of CT radiomics in the

differential diagnosis of benign and malignant thyroid micro-nodules
Zhang Dawei, Wang Haibao, Fang Jie, et al
( Dept of Radiology , The First Affiliated Hospital of Anhui Medical University, Hefei 230022)

Abstract 203 thyroid micro-nodules pathologically confirmed were retrospectively analysed ,including 148 cases of
thyroid microcarcinoma and 55 cases of micronodular goiter. The software ( AK) was used to perform radiomics a—
nalysis on CT plain and enhancement scan images of thyroid micro-nodules. Six models were used for evaluation:

Forest model, SVM model, KNN model, Tree model, Bayes model and Logistic model. 70% of the cases were ran—
domly selected as the training group, and the testing group was the remaining 30% . The accuracy, specificity,

sensitivity and AUC of different models for the differential diagnosis of two types of micro-thyroid nodules were ob—
tained. The diagnostic efficiency of plain scan and enhanced scan were analyzed and Forest model was the best. The
diagnostic accuracy, specificity, sensitivity and AUC of the plain scan were 99.3% , 97.9% ,100% and 0. 999 ,re—
spectivelyfor training group while 87.9% , 81% , 91. 1% and 0. 884 for the testing group. For the enhancement
scan, those of the training group were all 100% and the test group were 82. 8% , 93.3% , 71. 4% and 0. 905. For
CT radiomics, Forest model is of certain value in the differential diagnosis of benign and malignant thyroid micro—
nodule. Plain scan and enhanced CT have high sensitivity and specificity, respectively.

Key words radiomic; thyroid micro-nodule; papillary micro-carcinoma of thyroid; micro-nodular goiter; computed

tomography



